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Abstract:  Residential Foreclosures in Kent County have become commonplace in the past few 
years.  In this project, we hope to analyze data on foreclosures since 2004 to learn more about the 
mounting crisis, with the hope that we can identify neighborhoods at risk of foreclosures and its 
associated consequences. 
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Section 1:  Introduction 
 
General information on project: 
 
 The current economic climate in Michigan has many negative impacts on the residents of 
the state.  Certainly one of the most traumatic consequences is when an individual loses their 
house because he or she cannot afford to make the mortgage payments.  Unfortunately, this 
scenario has become all too common in the state, and more specifically in Grand Rapids and the 
surrounding areas in Kent County.  The available data support the notion that residential 
foreclosures have been on the rise in our area for the past few years. 
 
 We partnered with the Community Research Institute (CRI) at the Johnson Center for 
Philanthropy at the Pew Campus of GVSU.  CRI has an ongoing relationship with Kent County, 
in which they are given access to data on foreclosures in the county.  Once the data were 
acquired by CRI, their researchers handled the initial data processing and cleaning, in 
consultation with Kent County and others that were familiar with the residential foreclosure 
context.  For an accounting of this processing, please see Sold Short: Residential Foreclosures in 
Kent County, 2004-2007 (Chartkoff and Rotondaro, 2008).  We were then given access to this 
data, updated through 2009, and we processed it further, for the purposes of our analyses (we 
describe these actions in the next section). 
 
 Our goal as statisticians was to help analyze the available data, in order to get a deeper 
understanding of the problem.  CRI has been tracking foreclosure data for several years, and has 
been summarizing the message behind the data.  However, we intend to take the process further, 
by trying to determine which variables would be good predictors of the foreclosure crisis.  In 
other words, we would like to identify characteristics of neighborhoods that are associated with 
foreclosure and its associated impacts.  Again, more detailss of these analyses are described in 
more detail in the next section. 
 
 After we describe the data in the next section, we will explain what methods we used in 
section 2, our results in section 3, our conclusions in section 4, and recommendations for future 
work in section 5.  For the purpose of keeping the paper to a reasonable length, we will give 
explanations assuming that the reader has had an introductory course in statistics. 
 
 
Data Description: 
 
The data for this analysis was obtained from the Community Research Institute at the 
Johnson Center for Philanthropy, who obtained the data through its data sharing agreement with 
Kent County. The data received from the Community Research Institute consist of information 
from recorded deed transactions on properties that had at least one recorded foreclosure between 
January 1, 2004 and the second quarter of 2009, and, as a result, is listed by individual property. 
Demographic data was also obtained from the Community Research Institute, who found the 
data using the 2000 Census. However, these data were given by city block, rather than by 
individual properties.  
  
Many data cleaning efforts were made on the given data. First of all, many unneeded 
variables that did not apply to the analysis were dropped from the data set.  Then, any blocks in 
the block data that contained zero housing units were deleted from the data set. This project is 
focusing on residential foreclosures, and if there are no housing units on a particular block, then 
the block is not needed in the analysis. Two more blocks were deleted when it was noticed that 
they had very unreasonable values for average household size, one of which was a negative 
number and the other of which was less than one. These values are not realistic at all when 
talking about the average number of people living on a certain property.  
 
This analysis only focused on the first time a property went into foreclosure. There were 
multiple properties that went into foreclosure as many as five times in this data set. While it 
would be interesting to look at reoccurrences of foreclosures at the property or block level, that is 
not the objective of this analysis. Therefore, the data were further subset by only including 
properties that were going into foreclosure for the first time (FCSERIES = 1). Also, the analysis 
was only meant to include properties that were either still in foreclosure or had been resold (and 
are no longer in foreclosure). Therefore, any properties that were either expunged or redeemed 
(which means a complete foreclosure never happened) were dropped from the data set.  
 
Next, a data set including the demographic variables of interest was created. This dataset 
included the distribution of owners and renters by race per block, the number of families by race 
per block, the number of families with children by race per block, the average household size, 
and the number of married householders, single male householders, and single female 
householders by race per block. In order to find the desired percentages to use in the analysis, the 
sum of each variable per block had to be obtained, such as the sum of all families per block. The 
percentages of whites for each variable were found by dividing the number of whites for each 
variable divided by the sum of all races for that variable. For example, to find the percentage of 
white families with children for a block, the number of white families with children was divided 
by the sum of all families with children for that particular block.  
While there were many possible demographics to use as independent variables in this 
analysis, the list was narrowed down to six variables. The first independent variable used in the 
analysis is average household size (AvgHouseSize). This variable is the average number of 
people per household on a block. The next independent variable is the percentage of people per 
block that are white and own the house in which they are living (WhiteOwnerPct). Then there is 
also the percentage of people per block who are white and rent the house in which they are living 
(WhiteRenterPct). The next independent variable is the percentage of families in a block that are 
white and have at least one white child (WhiteFamChildPct). The last two independent variables 
have to do with single householders. The first of these is the percentage of people on the block 
who are single white male householders (WhiteMaleHHPct), while the second is the percentage 
of people on the block who are single white female householders (WhiteFemaleHHPct). 
 
 One may notice that the independent variables being used in this analysis that are related 
to race are all in terms of the white population. The main reason for this is that the client wanted 
to look at differences between whites and non-whites.  
 
 The final independent variable being analyzed is location. The data are divided into three 
location groups: City of Grand Rapids, Inner Suburbs, and Rural. Differences among these 
groups for each dependent variable can be seen in Figures 6 through 8 in the Appendix.  
 
The first of the dependent variables in this analysis is the number of days that a property 
was real estate owned (DAYSREO). This shows how long a house was in foreclosure before it 
was resold. To create the data set for this part of the analysis, the variables DAYSREO and 
RESOLD (indicating whether or not the property resold) were merged by block ID number with 
the newly created data set that included all of the necessary demographic variables.  
 
The second dependent variable is the percent of foreclosures per block (FCRate). The 
values for this variable were obtained by dividing the number of foreclosed properties on a block 
by the total number of housing units on that same block. To create this variable’s corresponding 
data set, FCRate was merged with the data set of independent demographic variables by block ID 
number. 
 
The final dependent variable in this analysis is the ratio between the transfer sale price 
and the foreclosure sale price (PriceRatio). The foreclosure sale price is the price of the property 
when it goes into foreclosure, while the transfer sale price is the price of the property when it 
goes out of foreclosure. The price ratio is a way of seeing how the value of the property changed 
from the time it went into foreclosure to the time it was resold. If the price ratio is less than one, 
then the value of the property decreased, while a price ratio greater than one denotes an increase 
in property value.  
 
This dependent variable’s data set was created, as with the first two data sets, by merging 
PriceRatio with the data set of demographic variables. This newly created data set was also 
further subset by deleting all properties that had a transfer sale price equal to zero or a 
foreclosure sale price equal to zero. This was done because a property that has a value of zero is 
not representative of the target population for this analysis. A property with a value of zero most 
likely has such a value due to some extenuating circumstance.  
 
 In the analysis of the price ratio, DAYSREO is also an independent variable. It is 
definitely possible that the number of days a property is in foreclosure could have an effect on 
the value of the property. The data set including the price ratio only includes properties that were 
resold, meaning the property is no longer in foreclosure. This means we know the value for 
DAYSREO, since DAYSREO is the number of days a house is in foreclosure.  Also, we are able 
to use DAYSREO as an independent variable because both the price ratio data set and 
DAYSREO are observed at the property level.  
 
In the analysis of foreclosure rate, however, using DAYSREO as an independent variable 
would not be wise, mostly because DAYSREO is different for each property, whereas 
foreclosure rate is summarized by block. Also, in the foreclosure rate data set, there is no 
guarantee that a property was resold, which means there is no definite value for DAYSREO, 
since the property would not yet be out of foreclosure. For these reasons, DAYSREO is not used 
as an independent variable in the analysis of FCRate. 
 
 Section 2: Methods 
 
 When first encountering a new data set, it is wise to observe basic summaries of the data 
in order to start observing trends. For this purpose, Tables 1 and 2 in the Results section were 
created. These tables were created in Microsoft Excel by the Community Research Institute and 
contain data from the first quarter of 2004 to the third quarter of 2009. Table 1 consists of 
number of foreclosures per year for each city or township within Kent County, while Table 2 
focuses on the number of foreclosures per year for each neighborhood area within the City of 
Grand Rapids.  
 
The Results section also consists of four maps showing the concentration of foreclosures 
throughout Kent County and the City of Grand Rapids, which were also created by the 
Community Research Institute. Figures 1 through 4 reflect the foreclosure concentrations from 
the first quarter of 2004 to the last quarter of 2007. Updated maps through the third quarter of 
2009 are in the process of being created. Figure 1 shows the foreclosure concentrations for all of 
Kent County from 2004 to 2005, while Figure 2 shows these concentrations from 2006 to 2007. 
Figure 3 gets more specific by showing the foreclosure concentrations for the City of Grand 
Rapids from 2004 to 2005, and Figure 4 shows these concentrations from 2006 to 2007.  
 
The analysis of the data involves two types of statistical analyses: ordinary least squares 
regression and survival analysis. Ordinary least squares regression involves a quantitative 
response variable and at least one independent explanatory variable. Using ordinary least squares 
regression, one can find the correlation coefficients between the response variable and the 
explanatory variable(s). The correlation coefficient shows the direction of the relationship 
between the explanatory and response variables by being positive or negative. It also shows the 
strength of the relationship. The closer the correlation coefficient is to 1 or -1, the stronger the 
relationship is between the variables, whereas the closer the coefficient is to 0, the weaker the 
relationship is between the variables. Ordinary least squares regression also fits a line to the data 
in order to represent the relationship between the explanatory and response variable. The slope of 
this line is a way of summarizing the relationship between the variables by showing how much 
the response variable changes with every one unit increase in the explanatory variable(s).  
Hypothesis tests can be performed on the slope of a line to test for a significant relationship 
between the explanatory and response variables.  
 
Multiple linear regression is the form of ordinary least squares regression used in this 
analysis. Multiple regression involves one quantitative response variable and two or more 
explanatory variables. The correlation coefficient and the slope in multiple regression are 
interpreted the same way as above. However, in multiple regression, collinearity between the 
explanatory variables could affect the accuracy of the analysis. Collinearity occurs when two or 
more of the explanatory variables are correlated with each other, meaning a change in one causes 
a change in the other. This could cause an unwanted change in the response variable and give 
inaccurate results in the analysis. Since this analysis involves multiple regression being 
performed on FCRate and PriceRatio, collinearity between the explanatory variables will be 
tested before any results are obtained.  
 
The second form of analysis utilized in this analysis is survival analysis, which is a 
branch of statistics that focuses on time to an event. In this analysis, survival analysis will be 
used to analyze the DAYSREO data set, which means the “event” is getting out of foreclosure by 
reselling the property. Survival analysis is also ideal for data sets with censored data. Censored 
data are data on which some information on the survival time is available, but not the exact 
survival time. An example of this would be knowing a property’s value for DAYSREO, but also 
knowing that it had not been resold by the time the data collection had finished, which means 
that DAYSREO is not exactly  its given value, but rather some value after it. While censored 
values are not very useful in most statistical analyses, survival analysis allows for the use of 
censored data within the analysis. 
 
Kaplan-Meier curves show the relationship between time and the survivor function. The 
survivor function shows the probability that a subject “survives” (meaning the subject does not 
experience the event) exceeds a specified time t. In the context of the foreclosure analysis, the 
survivor function shows the probability that a property stays in foreclosure past a certain time. 
Since the Kaplan-Meier curve plots this function as the response variable and uses time as the 
explanatory variable, any given point on the Kaplan-Meier curve shows the probability that a 
property stays in foreclosure at a certain time, given that the property has stayed in foreclosure 
up until that particular time.  
 
The Cox Proportional Hazards model is generally the same as ordinary least squares 
regression, except for one main difference. Instead of modeling the response variable, it models 
the hazard rate. The hazard rate is the instantaneous potential per unit time for the event (such as 
a property being resold and getting out of foreclosure) to occur, given that the event has not yet 
occurred up to a specified time. The Cox Proportional Hazards model is used in this analysis to 
test the relationship between DAYSREO and the demographic variables.  
 
To make sure that the above analyses are appropriate for these data, diagnostics were run. 
For the regression models, residual plots were checked for normality, as were quantile-quantile 
plots. For the Cox Proportional Hazards model, the Proportional Hazards assumption was 
checked. The results from these checks allowed for the continuation of the analysis.  
 
Section 3: Results 
 
 The most useful overall information in Tables 1 and 2 in the Appendix can be found in 
the column titled “Change 2008(Q4) to 2009(Q3),” which points out the percentage change in 
the number of foreclosures from 2008 to 2009. There were some great increases in the number of 
foreclosures between 2008 and 2009 within Kent County. For example, the Village of Sand Lake 
saw an increase of 133.3% in the number of foreclosures, while the Village of Casnovia saw an 
increase of 400%. One must note, however, that both of these villages have much fewer homes 
within their limits than most of the other cities. In 2008, the Village of Casnovia had 1 
foreclosure, while in 2009, there were 5 foreclosures. So while there was an increase of 400%, it 
does not warrant much worry because it was only 5 homes.  
 
 There were also many decreases in the percentage change in number of foreclosures from 
2008 to 2009. Some examples are Grattan Township with a decrease of 52.6%, City of Lowell 
with a decrease of 46.7%, and even a large unit such as the City of Grand Rapids with a decrease 
of 27.1%.  
  
 Table 2 shows the same type of information, but only for the neighborhoods within the 
City of Grand Rapids. The most noticeable part of this table is that all but 3 of the neighborhood 
areas showed some sort of decrease in the number of foreclosures from 2008 to 2009. This 
makes sense, seeing how the City of Grand Rapids overall saw a decrease in the number of 
foreclosures during this time period. Only Alger Heights, Fuller Avenue, and Heartside showed 
some type of increase or broke even between 2008 and 2009.  
  
Figure 1 and 2 show the concentrations of foreclosures throughout Kent County. Figure 1 
shows these concentrations from 2004 to 2005. It is very apparent that the highest concentration 
of foreclosures for all of Kent County is located within the limits of the City of Grand Rapids. 
There is also a high concentration of foreclosures directly outside of the city’s limits. Other than 
that, foreclosures are lightly distributed around Kent County. However, in Figure 2, which shows 
these concentrations from 2006 to 2007, there is a drastic change in the concentration of 
foreclosures within Kent County. In Figure 2, the concentration of foreclosures got much higher 
and more intense within the City of Grand Rapids. While the concentration of foreclosures is 
about the same directly outside of the city, the rural areas of Kent County saw a large increase in 
the concentration of foreclosures. This matches well with the 2004 to 2007 data in Table 1.  
 
Figures 3 and 4 in the Appendix show the concentrations of foreclosures within the City 
of Grand Rapids.  Figure 3 shows these concentrations from 2004 to 2005. While there are a few 
areas with high concentrations of foreclosures, the distribution of foreclosures is, for the most 
part, lightly scattered throughout the city. However, when looking at Figure 4, which shows the 
concentrations of foreclosures from 2006 to 2007. While there are definitely much higher 
concentrations of foreclosures throughout the city as a whole, there are also a many areas where 
the foreclosures tend to cluster, such as West Grand, Highland Park, Midtown, East Hills, Fuller 
Avenue,  and Madison area to name a few. Both sets of maps definitely show an increase in 
foreclosures from 2004 to 2007 for both Kent County as a whole and the City of Grand Rapids 
alone.  
 
Multiple regression was used to create models for both FCRate and PriceRatio. Of the 
selected independent variables used in the analysis, AvgHouseSize, WhiteOwnerPct, 
WhiteRenterPct, and location were significant predictors of FCRate when tested alone. Using 
these variables, a multiple regression model was built, which kept WhiteOwnerPct (p < 0.0001), 
AvgHouseSize (p = 0.0001), and WhiteRenterPct (p < 0.0001) as significant predictors of 
FCRate. The model for the fitted line is as follows:  
 
 
 
As stated in the Methods section, the slope summarizes the relationship between the 
response variable and the explanatory variable. Using the slope, one can learn a great deal about 
FCRate. First of all, for every one percent increase in the percentage of people in a block that are 
white and own the property on which they are living, it is expected that the foreclosure rate for 
that block will, on average, decrease by 0.00097. Secondly, for every one person increase in the 
average household size in a block, it is expected that the foreclosure rate for that block will, on 
average, increase by 0.016. Lastly, for every one percent increase in the percentage of people in a 
block that are white and rent the house in which they are living, it is expected that the foreclosure 
rate for that block will, on average, decrease by 0.0012.  
To test the effect of location on the foreclosure rate, an ANOVA was run. The result was 
that location does have a significant effect on foreclosure rates (p < 0.0001). Furthermore, it is 
apparent that the inner suburbs have a significantly lower foreclosure rate that the City of Grand 
Rapids and the rural areas.  
 
In the analysis of PriceRatio, it was found that DAYSREO, AvgHouseSize, 
WhiteOwnerPct, WhiteRenterPct, WhiteFamChild, and location were significant predictors of 
PriceRatio when tested alone. After testing these variables together in a multiple regression 
model, the resulting model contained WhiteOwnerPct (p < 0.0001), DAYSREO (p < 0.0001), 
and AvgHouseSize (p = 0.0023) as significant predictors of PriceRatio. The model for the fitted 
line is as follows:  
 
 
 
 This shows that, first of all, for every one percent increase in the percentage of people in 
a block who are white and own the house in which they are living, it is expected that the price 
ratio on a particular property will, on average, increase by 0.0039. Secondly, for every one day 
increase in the number of days a property has been in foreclosure, it is expected that the price 
ratio on that property will, on average, decrease by 0.00032. Also, for every one person increase 
in the average household size on a block, it is expected that the price ratio on a particular house 
will decrease, on average, by 0.031. 
 
 An ANOVA was run in order to find the effect of location on the price ratio of a 
particular property. The result was that location has a significant effect on the price ratio of a 
property (p < 0.0001). It was also found that the City of Grand Rapids has a significantly lower 
price ratio on its properties, compared to the inner suburbs and rural areas. This means that the 
value of the properties in the City of Grand Rapids is lower than that of the other two areas.  
 
 In the analysis of DAYSREO, it was found that WhiteRenterPct, WhiteFamChildPct, 
WhiteFemaleHHPct, and location were significant predictors of DAYSREO when tested alone. 
After testing these variables together in a Cox Proportional Hazards model, it was found that 
only WhiteFemaleHHPct (p < 0.0001) was a significant predictor of DAYSREO. The 
corresponding model is as follows: 
 
 
 
 Interpreting the coefficient for the Cox Proportional Hazards is a bit more difficult than 
doing so for multiple regression because the coefficient is in the exponent. Therefore, to obtain 
some sort of interpretation of the above model, the value of e
0.006180
 is found, which is 1.006199. 
This is the hazard ratio. The hazard ratio can be used to interpret the above model. For every one 
unit increase in percentage of people in a block who are single white female householders, it is 
expected that the “risk” of getting out of foreclosure will increase by a factor of 1.006199.  
  A log rank test was performed in order to test the significance of location on the number 
of days a property stays in foreclosure. This test yielded a p-value of less than 0.0001, which 
means that location has a significant effect on the number of days a house stays in foreclosure. 
More specifically, properties in rural areas have a higher probability of staying in foreclosure 
than the other two areas.  
 
Section 4:  Conclusions 
 
 We have explored the foreclosure data from multiple perspectives.  First, we looked at 
summaries (counts and rates) of the data broken down by city and neighborhoods over time, and 
then also considered concentrations of foreclosures by geography.  Then we attempted to 
determine what variables would be good predictors of three different aspects of foreclosures:  (1) 
foreclosure rate by block, (2) change in value of property over the course of time in foreclosure, 
and (3) length of time a property stayed in foreclosure. 
 
 For foreclosure rate and change in value of property, both average household size of 
block and percent of housing units on block that are owned by Caucasians (taken from 2000 
census data) are significant predictors.  Thus these factors should be considered when trying to 
determine which neighborhoods are at risk of the impacts of residential foreclosure, though these 
factors were not significant in terms of predicting how long a property stayed in foreclosure.  
The only significant predictor we found in terms of a multiple regression model for time in 
foreclosure was the percent of housing units on the block that are owned by a single white 
female.  Is is worth noting that geography (city of Grand Rapids, inner suburbs, and rural) is a 
significant predictor in all three analyses.  However, the r-square values are all very small, 
suggesting that the predictive ability of our models are not very good, implying we should, in the 
future, consider other candidates for predictors of the impacts of foreclosures. 
 
 Fortunately, the data suggest that the number of foreclosures seems to be leveling off, 
rather than continuing to climb, as it had been in the past few years.  However, that does not 
mean that this crisis will all of a sudden go away.  We need to continue to monitor the situation, 
and continue to look deeper for other more meaningful insights in the crisis. 
 
 
Section 5:  Future Work 
 
 Given the limited time of a summer project, it is not possible to fully tackle a problem as 
complex as residential foreclosures.  Clearly, there is much more to do, though any future work 
will not be part of this s-cubed project directly.   
 
 For example, we hope to get more accurate information on the value of foreclosed 
properties from Kent County soon.  We hope that, from the cooperation of Kent County and 
CRI, we will have access to an expanded list of candidates for possible predictors of foreclosure 
rate, value of property and time in foreclosure.  We are also told that, in the future, access to data 
will allow us to analyze how long (from some standard starting time) a property takes to get into 
foreclosure (instead of just how long it remains in foreclosure).  Further, analyzing these two 
times simultaneously presents some interesting possibilities for analysis. 
 
 It is also possible to make predictions using some of the models we have developed.  
Fore example, we could predict the foreclosure rate or change in value of a property for given 
values of the significant predictors of these variables.  However, the techniques that we used 
from survival analysis (the cox proportional hazards model) do not allow this.  Survival analysis 
methods do exist that allow us to make predictions, and these could be applied in future analyses, 
though they are somewhat more complicated to use. 
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Table 1:  Residential Foreclosure in Kent County by Governmental Unit 
 
Change 
2008(Q4) to 
2009(Q3)
Count % Count % Count % Count % Count %
% Increase 
(Decrease)
Count % Count %
City of Cedar Springs 797 10 1.3 20 2.5 19 2.4 27 3.4 21 2.6 (22.2%) 97 12.2 17 2.1
City of East Grand Rapids 3,839 10 0.3 20 0.5 16 0.4 23 0.6 22 0.6 (4.3%) 91 2.4 17 0.4
City of Grand Rapids 55,332 642 1.2 1,010 1.8 1,502 2.7 1,857 3.4 1,353 2.4 (27.1%) 6,364 11.5 1,018 1.8
City of Grandville 4,853 20 0.4 35 0.7 42 0.9 34 0.7 45 0.9 32.4% 176 3.6 40 0.8
City of Kentwood 12,106 87 0.7 121 1.0 173 1.4 245 2.0 226 1.9 (7.8%) 852 7.0 176 1.5
City of Lowell 1,119 15 1.3 17 1.5 22 2.0 30 2.7 16 1.4 (46.7%) 100 8.9 13 1.2
City of Rockford 1,738 7 0.4 11 0.6 21 1.2 20 1.2 16 0.9 (20.0%) 75 4.3 12 0.7
City of Walker 6,386 24 0.4 29 0.5 73 1.1 71 1.1 55 0.9 (22.5%) 252 3.9 35 0.5
City of Wyoming 21,539 201 0.9 299 1.4 468 2.2 601 2.8 545 2.5 (9.3%) 2,114 9.8 425 2.0
Ada Township 4,357 4 0.1 6 0.1 18 0.4 28 0.6 17 0.4 (39.3%) 73 1.7 12 0.3
Algoma Township 3,188 3 0.1 16 0.5 23 0.7 37 1.2 24 0.8 (35.1%) 103 3.2 20 0.6
Alpine Township 2,903 6 0.2 19 0.7 21 0.7 26 0.9 30 1.0 15.4% 102 3.5 22 0.8
Bowne Township 989 2 0.2 6 0.6 2 0.2 8 0.8 11 1.1 37.5% 29 2.9 5 0.5
Byron Township 6,187 12 0.2 15 0.2 41 0.7 45 0.7 41 0.7 (8.9%) 154 2.5 33 0.5
Caledonia Township 3,406 8 0.2 16 0.5 47 1.4 46 1.4 36 1.1 (21.7%) 153 4.5 27 0.8
Cannon Township 4,812 18 0.4 23 0.5 42 0.9 43 0.9 30 0.6 (30.2%) 156 3.2 23 0.5
Cascade Township 6,259 16 0.3 20 0.3 44 0.7 44 0.7 37 0.6 (15.9%) 161 2.6 28 0.4
Courtland Township 2,609 10 0.4 19 0.7 39 1.5 32 1.2 20 0.8 (37.5%) 120 4.6 18 0.7
Gaines Township 6,103 30 0.5 46 0.8 87 1.4 77 1.3 54 0.9 (29.9%) 294 4.8 42 0.7
Grand Rapids Township 5,622 9 0.2 27 0.5 40 0.7 28 0.5 35 0.6 25.0% 139 2.5 25 0.4
Grattan Township 1,495 3 0.2 18 1.2 20 1.3 19 1.3 9 0.6 (52.6%) 69 4.6 7 0.5
Lowell Township 1,633 13 0.8 8 0.5 21 1.3 17 1.0 16 1.0 (5.9%) 75 4.6 13 0.8
Nelson Township 1,589 13 0.8 12 0.8 28 1.8 27 1.7 19 1.2 (29.6%) 99 6.2 16 1.0
Oakfield Township 2,319 15 0.6 21 0.9 30 1.3 30 1.3 33 1.4 10.0% 129 5.6 27 1.2
Plainfield Township 9,922 30 0.3 63 0.6 91 0.9 91 0.9 92 0.9 1.1% 367 3.7 73 0.7
Solon Township 1,854 14 0.8 23 1.2 30 1.6 36 1.9 28 1.5 (22.2%) 131 7.1 22 1.2
Sparta Township 1,363 7 0.5 11 0.8 15 1.1 17 1.2 12 0.9 (29.4%) 62 4.5 8 0.6
Spencer Township 1,702 14 0.8 21 1.2 14 0.8 26 1.5 35 2.1 34.6% 110 6.5 29 1.7
Tyrone Township 1,155 9 0.8 17 1.5 17 1.5 19 1.6 16 1.4 (15.8%) 78 6.8 11 1.0
Vergennes Township 1,436 5 0.3 9 0.6 15 1.0 14 1.0 12 0.8 (14.3%) 55 3.8 11 0.8
Village of Caledonia 437 4 0.9 5 1.1 3 0.7 7 1.6 4 0.9 (42.9%) 23 5.3 1 0.2
Village of Casnovia 66 0 0.0 2 3.0 2 3.0 1 1.5 5 7.6 400.0% 10 15.2 3 4.5
Village of Kent City 235 1 0.4 10 4.3 7 3.0 11 4.7 6 2.6 (45.5%) 35 14.9 6 2.6
Village of Sand Lake 149 9 6.0 7 4.7 5 3.4 3 2.0 7 4.7 133.3% 31 20.8 6 4.0
Village of Sparta 1,238 15 1.2 23 1.9 27 2.2 30 2.4 30 2.4 0.0% 125 10.1 22 1.8
Kent County Total 180,737 1,286 0.7 2,025 1.1 3,065 1.7 3,670 2.0 2,958 1.6 (19.4%) 13,004 7.2 2,263 1.3
For more detailed explanation of our methods, see Sold Short: Residential Foreclosures in Kent County, 2004 to 2007, available at www.cridata.org
2008(Q4) - 2009(Q3)
Total 2004(Q4) - 
2009(Q3) 
(cumulative)
2009 YTD**
*Total Homes: based on total counts of 1-4 unit residential properties in the county (source: Kent County Information Technology - parcel counts with property class = 401)
**2009 YTD includes foreclosure transactions occurring through September 30, 2009 recorded by the Kent County Bureau of Equalization at the time of current data extract
Government Unit
Total 
Homes*
2004(Q4) - 2005(Q3) 2005(Q4) - 2006(Q3) 2006(Q4) - 2007(Q3) 2007(Q4) - 2008(Q3)
 
 
 
 
Table 2:  Residential Foreclosure in Grand Rapids by Neighborhood 
 
Change 2008(Q4) 
to 2009(Q3)
Count % Count % Count % Count % Count %
% Increase 
(Decrease) Count %
Alger Heights 1,622 17 1.0 35 2.2 36 2.2 38 2.3 47 2.9 23.7% 173 10.7
Auburn Hills 40 0 0.0 0 0.0 0 0.0 2 5.0 1 2.5 (50.0%) 3 7.5
Baxter 759 21 2.8 28 3.7 61 8.0 44 5.8 22 2.9 (50.0%) 176 23.2
Belknap Lookout 1,335 17 1.3 39 2.9 40 3.0 41 3.1 24 1.8 (41.5%) 161 12.1
Black Hills 271 7 2.6 8 3.0 12 4.4 20 7.4 18 6.6 (10.0%) 65 24.0
Cherry Run 238 0 0.0 0 0.0 4 1.7 5 2.1 2 0.8 (60.0%) 11 4.6
Creston 8,581 96 1.1 134 1.6 179 2.1 224 2.6 162 1.9 (27.7%) 795 9.3
East Hills 1,040 10 1.0 20 1.9 41 3.9 36 3.5 29 2.8 (19.4%) 136 13.1
Eastgate 567 2 0.4 1 0.2 13 2.3 17 3.0 5 0.9 (70.6%) 38 6.7
Eastown 1,280 5 0.4 16 1.3 25 2.0 34 2.7 22 1.7 (35.3%) 102 8.0
Fuller Avenue 627 13 2.1 25 4.0 34 5.4 35 5.6 39 6.2 11.4% 146 23.3
Fulton Heights 753 3 0.4 3 0.4 7 0.9 8 1.1 4 0.5 (50.0%) 25 3.3
Garfield Park 4,655 71 1.5 112 2.4 180 3.9 268 5.8 196 4.2 (26.9%) 827 17.8
Heartside 328 1 0.3 0 0.0 2 0.6 1 0.3 1 0.3 0.0% 5 1.5
Heritage Hill 894 7 0.8 9 1.0 13 1.5 20 2.2 6 0.7 (70.0%) 55 6.2
Highland Park 1,170 18 1.5 26 2.2 35 3.0 40 3.4 28 2.4 (30.0%) 147 12.6
John Ball Park 1,696 18 1.1 30 1.8 41 2.4 49 2.9 45 2.7 (8.2%) 183 10.8
Madison Area 1,224 39 3.2 45 3.7 70 5.7 86 7.0 56 4.6 (34.9%) 296 24.2
Michigan Oaks 702 2 0.3 1 0.1 1 0.1 7 1.0 5 0.7 (28.6%) 16 2.3
Midtown 1,366 16 1.2 27 2.0 34 2.5 55 4.0 27 2.0 (50.9%) 159 11.6
Millbrook 1,414 11 0.8 18 1.3 27 1.9 26 1.8 24 1.7 (7.7%) 106 7.5
Non Neighborhood Associations 4,525 29 0.6 41 0.9 60 1.3 71 1.6 73 1.6 2.8% 274 6.1
North East Citizen Action 2,274 14 0.6 26 1.1 22 1.0 51 2.2 26 1.1 (49.0%) 139 6.1
Oakdale 704 16 2.3 32 4.5 43 6.1 47 6.7 35 5.0 (25.5%) 173 24.6
Ottawa Hills 256 0 0.0 3 1.2 2 0.8 3 1.2 0 0.0 (100.0%) 8 3.1
Ridgemoor 808 1 0.1 4 0.5 4 0.5 5 0.6 3 0.4 (40.0%) 17 2.1
Roosevelt Park 1,182 16 1.4 22 1.9 50 4.2 48 4.1 62 5.2 29.2% 198 16.8
South East Community (SECA) 1,070 27 2.5 40 3.7 54 5.0 65 6.1 29 2.7 (55.4%) 215 20.1
South East End 4,117 81 2.0 133 3.2 190 4.6 240 5.8 163 4.0 (32.1%) 807 19.6
South Hill 281 6 2.1 13 4.6 8 2.8 19 6.8 14 5.0 (26.3%) 60 21.4
South West Area Neighbors (SWAN) 1,649 32 1.9 42 2.5 77 4.7 102 6.2 67 4.1 (34.3%) 320 19.4
West Grand 5,192 74 1.4 121 2.3 193 3.7 228 4.4 181 3.5 (20.6%) 797 15.4
Westside Connection 4,993 15 0.3 35 0.7 52 1.0 42 0.8 40 0.8 (4.8%) 184 3.7
Grand Rapids Total 55,332 642 1.2 1,010 1.8 1,502 2.7 1,857 3.4 1,353 2.4 (27.1%) 6,364 11.5
*Total Homes: based on total counts of 1-4 unit residential properties in the county (source: Kent County Information Technology - parcel counts with property class = 401)
**2009 YTD includes foreclosure transactions occurring through September, 30 2009 recorded by the Kent County Bureau of Equalization at the time of current data extract
Neighborhood figures will not add up to the City of Grand Rapids total due to certain geographic areas that are recognized (overlapping) within multiple neighborhood association boundaries
For more detailed explanation of our methods, see Sold Short: Residential Foreclosures in Kent County, 2004 to 2007, available at www.cridata.org
Neighborhood Area
Total 
Homes*
2004(Q4) - 2005(Q3) 2005(Q4) - 2006(Q3) 2006(Q4) - 2007(Q3) 2007(Q4) - 2008(Q3) 2008(Q4) - 2009(Q3)
Total 2004(Q4) - 
2009(Q3) 
(cumulative)
 
Figure 1:  Concentration of Residential Foreclosures in Kent County, 2004 and 2005 (combined) 
 
 
Figure 2:  Concentration of Residential Foreclosures in Kent County, 2006 and 2007 (combined) 
 
 
Figure 3:  Concentration of Residential Foreclosures in Grand Rapids, 2004 and 2005 (combined) 
 
 
Figure 4:  Concentration of Residential Foreclosures in Grand Rapids, 2006 and 2007 (combined) 
 
 
Figure 5:  Residential Foreclosures in Kent County by Quarter, 2004 through Q2 of 2009 
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Figure 6:  Foreclosure Rate per Block by Property Location 
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Figure 7:  Price Ratio per Property by Property Location 
Grand Rapids Inner Suburbs Rural
0
1
2
3
4
Location
P
ri
c
e
 R
a
ti
o
 o
f 
P
ro
p
e
rt
y
 
Figure 8:  Days in Foreclosure per Property by Location 
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